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Abstract 

This study explores the key factors influencing Chinese online consumers' purchasing decisions in live-streaming 

commerce. The impact of streamer attractiveness, information quality on purchasing decisions, and the 

moderating role of gender in this relationship are studied. The research adopts survey method, based on 487 valid 

survey data, and uses structural equation modeling to analyze the data. The study found that there is a significant 

positive correlation between streamer attractiveness, information quality and purchase decision, and gender also 

plays a moderating role in the relationship between streamer attractiveness, information quality and purchase 

decision. Like the earlier research results, the results of this study reveal the importance of streamer attractiveness 

and information quality on live streaming consumers' purchasing decisions. Second, the study reveals the 

importance of gender as a moderating factor. Furthermore, a new purchase decision model for live commerce was 

developed through the research. This study shows that understanding the key factors of these influences and 

managing them effectively will enhance business performance in the market. Insights into consumer behavior in 

the context of live commerce by developing model predictions. 
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1. INTRODUCTION 

In today's world, the world economy has undergone tremendous changes due to the 

advancement of information and communication technology(ICT)(Rust, 2020). Network 

technology and communication technology are changing economic and social activities and 

bringing many opportunities to e-commerce, which opens new opportunities and prospects for 

e-commerce (Setyowati et al., 2021). E-commerce (Electronic Commerce) is a new economic 

model that emerged with the development of computer and Internet technology(Jain et al., 

2021). Live streaming commerce is an emerging e-commerce model developed based on 

traditional e-commerce and is an upgrade the traditional e-commerce(Kim et al., 2023). Live 

Streaming, also known as live, means simultaneous generation and streaming, which is not 

only a means of information dissemination, also a new type of social media(Fu, 2021).  

At present, China's live streaming business industry chain is mainly composed of six parts, 

distributed into multi-channel network (MCN) institutions, streamer, retail e-commerce, short 

video platforms, social platforms, and service providers (Cunningham et al., 2019). According 

to the current scale of China's market, the competition form of China's e-commerce live 

streaming in 2020 can be divided into three echelons, the first echelon is the Taobao live 

streaming platform, with the largest market share; The second echelon is Kuaishou and Douyin, 

two short video platforms; The third echelon is JD.com, Pinduoduo, Vipshop and other 

platforms (Si, 2021). According to data from iMedia Research in 2020, Judging from the data 

of the TOP 10 live streaming platforms commonly used by Chinese live e-commerce users 
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from 2020, Taobao has the most users at 48.18, JD.com ranks second with a user utilization 

rate of 47.45%; There are Douyin, Xiaohongshu, Kuaishou and Mogujie, accounting for 

32.85%, 22.63%, 18.98% and 14.6% respectively (iMedia Research, 2020).  

The live streaming commerce has the interactivity of social media, which not only enables 

effective sharing and interaction between consumers, but also enables consumers "Face-to-

face" communication with streamers (Liting, 2021). In such an interactive e-commerce live 

streaming, consumers' social needs are well met, and live streaming commerce can promote 

consumers to make effective decisions(Hou, 2021). Live streaming can make consumers 

immersed in online shopping, for example, consumers watching the live streaming of buying 

clothes, not only can know the material and fabric of the clothes, understand the size of their 

body shape, but also learn the matching of the required clothes, so that the flow of information 

is smoother, consumers' consumption decisions are more effective, and the user experience is 

better improved(Zhou et al., 2021). In the traditional online shopping process, mainly through 

the interface of displaying goods with pictures and texts, users often just browse at will, and 

stay in the interface of product details for a short time, often only a few minutes or even 

seconds(Pant, 2014). Through live streaming, users will be attracted by the rhythm of the live 

streaming, stay in the interface of the live streaming for a relatively long time, have a better 

understanding of the product and the concept it conveys, and also increase the opportunity for 

consumers to buy(Chen et al., 2023).  

Compared with traditional e-commerce, live streaming e-commerce can not only show and 

explain products to consumers more intuitively and comprehensively, And the interaction with 

consumers is more direct and timelier, but also promote consumers' purchasing decisions 

through some promotional activities and realize the traffic more quickly and effectively 

(Wongsunopparat & Deng, 2021). Purchase decision during or after the live stream influencing 

by the live streamer by effecting the consumers knowledge and consumers trust, live streamer 

professionalism, interactivity, entertainment, popularity, and the degree of detail of information 

transmission(Lifu et al., 2023). 

In addition, studies have also looked at the attractiveness of streamers, but the results of these 

studies are mixed. For example, KOLs may not always play a key role(Algi & Irwansyah, 

2018). Consumer decisions are primarily driven by the quality and price of the product, and 

the attractiveness of the streamer does not greatly influence the purchase decision(Lyu et al., 

2022). According to Wongsunopparat and Deng (2021)Product personalization significantly 

influences the purchasing decisions that are effective in marketing, which can obscure the 

impact of streamer appeal.  

Chen et al. (2022) found that online reviews and ratings significantly influence purchasing 

decisions. Consumers often rely more on the experience of other consumers than on the 

recognition of streamers, regardless of their appeal. In addition, trust in e-commerce platforms 

plays an important role in consumers' purchasing decisions, potentially outweighing the 

influence of streamer attractiveness(Hong & Hoo, 2022). If the streamer has a negative public 

event, this will seriously affect the viewer's purchase intent(Ping et al., 2022b). Streamer's 

popularity can only lead to viewing intent, it has no impact on consumer purchase intent(Guo 
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et al., 2022). 

Information quality (IQ) plays a critical role in enabling online consumers’ purchase decisions 

in the absence of an opportunity to physically interact with products in the online environment 

(Ghasemaghaei & Hassanein, 2013; Hoang & Nguyen, 2020). Verbal and nonverbal 

information, the web content of e-commerce websites, accuracy of information all of it 

influencing the customers decision and satisfaction(Liew et al., 2017). Baubonienė and 

Gulevičiūtė (2015)Research shows that consumers are more likely to make a purchase when 

they have access to comprehensive and trustworthy product information. Factors in purchasing 

decisions in e-commerce are critical for businesses to succeed in digital marketplaces (Mican 

& Sitar-Taut, 2020). Various factors shape the consumer decision-making process, from the 

influence of product information and confidence-building measures to the role of social 

influence, price perception and convenience.  

Many countries have adopted live streaming commerce, including Europe, Southeast Asia, 

China and the United States(Ho & Rajadurai, 2020). However, the acceptance of live streaming 

commerce varies from country to country. The usage rate of live streaming shopping is still not 

high in the United States(Cai et al., 2018). With the industry still in its Infancy, livestreaming 

commerce in the US. faces regulatory issues and how influencers can build relationships with 

brands(Liu & Yu, 2022). The regulatory landscape for e-commerce and livestreaming 

commerce in Southeast Asia is still evolving(Lin et al., 2023). Clear guidelines and regulations 

are needed to address issues such as data privacy, consumer protection and fair competition 

(Ariansyah et al., 2021).Logistics and network quality are also important factors limiting the 

development of live streaming in Southeast Asia(Addison & Aprilianty, 2022). Europe faces 

not only high taxes (Tofan & Bostan, 2022), but also concerns about product quality, 

authenticity and accuracy of product descriptions, as elsewhere. In addition, there is also the 

problem limitation of the inconvenience of mobile payment (Yang, 2017). 

Despite the accelerating growth of live streaming commerce in China, which has had a 

significant impact on China's society and economy(Leung et al., 2020), a comprehensive 

understanding of the critical factors influencing online shoppers' purchasing decisions is still 

incomplete. As mentioned earlier, regulating live streaming commerce has been a challenge 

right now, and it is impacting both customers and companies (Qiu, 2021). As livestreaming 

commerce grows, raises concerns about fraud, false advertising, and the sale of counterfeit or 

substandard products(Han et al., 2022).  In addition, it may be difficult for regulators to enact 

policies that adequately protect consumers and promote fair competition in this fast-moving 

industry (Kwilinski et al., 2019).  

Although live streaming commerce has brought many conveniences(Cai et al., 2021), there are 

also problems affecting consumers' purchasing decisions. Since consumers cannot directly 

touch and try the products, the quality and authenticity of the products is a major concern(Xu 

et al., 2020). Logistics, service complexity, returns and after-sales service can be issues that 

affect consumers' purchasing decisions(Dong, 2021; Ferraz et al., 2023). Secondly, live 

streaming commerce involves online payment, so network security has become a major 

issue(Patil et al., 2018). Consumers may fear that their personal and financial information will 
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be leaked and change their purchasing decisions(Feng et al., 2022; Yan, 2021). In addition, the 

streamer's professional knowledge and credibility have an impact on consumers' purchasing 

decisions(Guo et al., 2022). Consumers may be harmed if streamers over-promote or provide 

misinformation in order to make a sale. Zahari et al. (2021)found that time-limited discounts 

and limited rush purchases are often adopted in live streaming commerce, which may bring 

purchasing pressure to consumers and cause them to make purchase decisions without 

sufficient consideration. 

Although a large part of the success of China's live streaming business is driven by the streamer 

attractiveness (Tobon & García-Madariaga, 2021). But if these streamers lose their appeal or 

face scandals, this could pose a risk to some consumers and merchants who rely on the 

streamers (Wang & Hariandja, 2016). If an streamer 's reputation takes a hit, or they decide to 

leave the platform, this dependence on streamers can pose a risk(Leung et al., 2022). The 

greater the influence of the streamer, the greater the adverse effect on the brand (Elli, 2017). In 

addition, the streamer threshold is very low, and some streamer with low professionalism will 

have some uncivilized language and behavior in the live streaming room, which will mislead 

consumers through inappropriate descriptions and exaggerated products, thus bringing 

negative effects to the live streaming (He, 2021). 

With the growth of live streaming business, the regulation of live streaming business is still 

developing, and the problem of information quality is becoming increasingly serious around 

the world. Nakayama and Wan (2017) found that fraud, false advertising, and counterfeit sales 

are growing in live streaming commerce, as are consumer concerns about substandard 

products. Ghasemaghaei and Hassanein (2015) found that in some cases, streamers exaggerated 

product features or provided misleading information to boost sales. Consumers are concerned 

about the quality and authenticity of products sold through live streaming(Chen & Tseng, 

2011). 

 

2. LITERATURE REVIEW  

2.1 Theoretical Background 

2.1.1 Uses and Gratification Theory 

Uses and Gratification Theory (UGT) is an influential sociological theory (Becker, 1979; 

Smock et al., 2011). This theory suggests that individuals access media with different goals and 

play an active role in selecting information resources that they are willing to access(Liang et 

al., 2006). Use and Gratification Theory (UGT) is a consumer-centric theory that states that 

different users can use the same medium for different purposes (Severin & Tankard, 1997). 

This theory explains the reasons behind customers' choice of social media and the 

psychological needs behind their choice (Cheung & Lee, 2009). Live streaming commerce is 

the purchase behavior of consumers in the process of watching live entertainment(Lu, 2021). 

In the process of interacting with fans, consumers not only have a comprehensive 

understanding of the product, but also increase their trust in influencers(Gao et al., 2023). 

Streamers have a positive impact on consumers' cognition and emotions with reference to 
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groups, and then positively influence consumers' purchase intentions (Lifu et al., 2023). During 

the live streaming, the streamer can influence consumers' perceptions, attitudes, beliefs, etc., 

and ultimately influence consumer behavior (Valente & Pumpuang, 2007). Streamers who 

demonstrate their expertise and knowledge of the products they advertise can boost their 

credibility and make them more attractive to viewers (Cho & Yang, 2021). Trusted streamers 

can build trusting relationships with consumers, making them more trusting and attractive. 

2.1.2 Information Adoption Model 

Information is transmitted from the sender to the receiver in the message, and the receiver 

interprets the message according to the sender's intent(Madden, 2000). Sussman and Siegal 

(2003)narrowed its scope by proposing the information adoption model (IAM). Information 

adoption model (IAM) originated as a mixture of psychological and sociological theories 

(Sussman & Siegal, 2003). It is based on elements of Information Processing Theory (IPT) 

(Swanson, 1987) and Persuasion Theory (PT) (Eagly & Chaiken, 1984), which studies how 

people are influenced by information to change their attitudes or behaviors. Information quality 

refers to the extent to which the e-commerce live streaming room can provide viewers with 

complete, accurate and timely product information(Xu et al., 2020). Clear, organized, and 

visually appealing information can enhance understanding and trust and positively influence 

purchasing decisions. According to Milan et al. (2015) the relationship between information 

quality, mistrust, and perceived risk was confirmed as determinants of purchase intention. In a 

study of social media commerce. Halim et al. (2020) was found that information quality has a 

positive impact on Instagram users' purchase intentions. In live streaming commerce, factors 

such as the presentation style of the host, the interactivity of the platform, and the visual appeal 

of the product help cognitive absorption (Guo et al., 2022; Ma et al., 2022; Wang & Wu, 2019). 

The more users absorb, the more likely they are to accept the information provided and make 

a purchase (Butler & Peppard, 1998). In addition to this，Gao et al. (2012) found that accurate 

information quality builds trust with consumers and thus influences their purchasing decisions. 

2.2 Empirical Literature 

2.2.1 Streamer attractiveness 

Streamers in live streaming commerce can be seen as the face of the product. Product 

introductions are often the primary means of promoting business information (Xu et al., 2020). 

Live streaming is now an increasingly popular form of entertainment and communication(Wu, 

2023; Xu et al., 2020; Xueli et al., 2022; Zhang et al., 2022). In the context of live streaming 

e-commerce, the attractiveness of streamers has been widely studied and found to be important 

for online shopping consumers' purchasing decisions in the context of live streaming e-

commerce, especially in anticipating live streaming (Guo et al., 2022; Qun et al., 2018). 

According to research by Ping et al. (2022b) trust in streamer greatly influences consumers' 

purchase intent in live streaming e-commerce. Trust can be built through a variety of factors, 

including the streamer's attractiveness, the quality of the streamer, and the streamer's expertise 

and credibility(Lakhan et al., 2021; Lin & Nuangjamnong, 2022). Weismueller et al. (2020) 

findings the streaming with high appeal may create a stronger social presence. Live streaming 
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can significantly influence consumer attitudes and purchase intentions (TserYieth & Lee, 2021; 

Wongsunopparat & Deng, 2021). In live streaming selling, the quasi-social relationship 

between streamers and viewers can significantly influencing purchasing decisions. Studies of 

the attractiveness effect have shown that attractive individuals are generally seen as more 

trustworthy, capable, and likable (Sun et al., 2021). In addition, the attraction of streamer can 

stimulate consumers' hedonic motivation to achieve impulse buying (Lu-Monroe et al., 2021; 

Udovita, 2018; Umar et al., 2023). 

H1:  Streamer attractiveness has a significantly positive relationship with purchase decision. 

2.2.2 Information quality 

The goal of information quality (IQ) research is to identify the characteristics of information 

items that are important or suitable for information consumers (Wang & Strong, 1996). The 

extent to which information quality can provide viewers with complete, accurate and timely 

product information in e-commerce live streaming (Xu et al., 2020). Previous research results 

have shown that information quality plays an important role in influencing consumers' attitudes 

towards online shopping, especially the impact on consumer trust is generally recognized 

(Hashmi et al., 2019; Prastiwi & Iswari, 2019; Rahman et al., 2018; Zolfaghar & Aghaie, 2012). 

Petty and Cacioppo (1984) Receptive and trusting consumers are to the views of the publisher 

of the information, and the more useful they find the information, the more attitudes and 

behaviors will change (Kim, 2015; Milan et al., 2015; Xu et al., 2020). The completeness, 

accuracy, timeliness and reliability of information quality are considered useful in e-commerce 

(Hilligoss & Rieh, 2008). Live streaming commerce provides high-quality information with 

product-related tips such as reviews, images, videos, and sounds, detailed product demos, and 

real-time interactions. In this direction, Chiu et al. (2005) argues that information quality is 

related to the customer's purchasing decisions. Therefore, the live streaming commerce 

mechanism to provide high-quality product information may become a critical factor in 

facilitating consumer decision-making.  

H2:  Information quality has a significantly positive relationship with purchase decision. 

The term "gender" refers to whether a person is genetically and biologically male or female 

(Wilson, 2002). Gender has been considered an important research topic in different fields 

(Evanschitzky & Wunderlich, 2006; Hui & Wan, 2007; Krolokke & Sorensen, 2006). 

According to sociolinguistic theory, it has been found that gender influences communication 

(Krolokke & Sorensen, 2006). In spoken discourse, men communicate to establish superior 

social status, while women communicate in a tone of rapport, compassion, and empathy. In the 

internet, where gender plays an important role in communication and e-commerce transactions 

(Ulbrich et al., 2011). Previous studies have also provided evidence that male and female 

consumers have different decision-making styles (Mokhlis & Salleh, 2009). In loyalty studies 

to customers, it was found that men responded more positively to status-emphasizing loyalty 

programs than women, but only if their higher status was very pronounced to others(Melnyk 

& van Osselaer, 2012). 
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According to differences in gender attitudes(Fischer & Arnold, 1994) There have been many 

studies showing gender differences in online purchasing decisions(Davis et al., 2014; Shaouf 

et al., 2016; Tsichla et al., 2016). Compared to women, men are more task-oriented and 

pragmatic in a productivity-oriented context, while female users are generally more process-

oriented and relatively balance the various benefits associated with technology(Zhou et al., 

2014). Studies have shown that women may be more influenced by male sexual spokespersons, 

and men are influenced by women by male spokespersons (Klaus & Bailey, 2008). Sexual 

attraction is more persuasive to men than to women (Sawang, 2010). In contrast, men focus 

more on expertise and self-analysis(Dittmar et al., 2004). In addition, female consumers are 

more likely than men to achieve emotional satisfaction, less trust, and more skeptical about 

online shopping (Xiaolin et al., 2019). This study aims to illustrate the impact of gender 

differences on different factors on consumers' purchasing decisions in live streaming business 

transactions. 

H3:  The impact of the streamer attractiveness on the purchase decision will be positively 

regulated by gender. 

H4:  The impact of the information quality on the purchase decision will be positively 

regulated by gender. 

2.3 Conceptual Framework  

From the literature review and critical evaluation of applied models, the study proposes that a 

conceptual framework was developed. This study is based on two independent variables: 

streamer attractiveness, information quality, the dependent variable is the purchase decision, 

and gender is the moderator variable. Through Information Adoption Model (IAM) (Sussman 

& Siegal, 2003), which can explain how the information quality presented in live streaming 

commerce affects consumer decision-making. The Use and Gratification Theory (UGT) (Katz 

et al., 1973) strengthens the explanation of the impact of streamer attractiveness on consumer 

purchasing decisions.  

 

Figure 2.1 Conceptual Framework 
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3. RESEARCH DESIGN 

To test the research model assumptions, a questionnaire was developed to conduct a web survey 

and collect empirical data. The items to measure each structure were largely developed from 

previous literature. To adapt to the live broadcast business environment, some measures have 

been slightly modified. We measured all these items using a five-point Likert scale ranging 

from (1) strongly disagree to (5) strongly agree. Streamers act as representatives or 

"spokespersons" for products or brands in live streaming commerce(Qun et al., 2018). The 

streamer attractiveness structure consists of 12 items, Items SC1 to SC12 are from Song and 

Liu (2021) with a Cronbach Alpha of 0.92. Information quality, completeness, accuracy, 

timeliness and reliability are considered useful in live streaming business(Xu et al., 2020). The 

information quality structure consists of 11 items, Items IQ1 to IQ11 are from Xu et al. (2020); 

Erkan and Evans (2018) and Guangming and Chang (2022)with Cronbach Alpha are 0.93, 

0.85,and 0.858.  

This process resulted in minor revisions regarding item wording and applicability. Ultimately, 

the questionnaire consisted of three parts, Part A is to block questions, filter respondents 

through questions, and select the target respondents who meet the requirements. Part B focuses 

on the relevant demographics of the respondents, providing more insight into the respondents. 

Part C is the main part of the questionnaire, which requires the filler to fill in according to their 

true ideas. 

3.1 Sampling and Data Collection 

This study uses the services of a popular online survey website (https://www.sojump.com/), 

which is a well-known questionnaire survey website in China, to collect empirical data to test 

the research model. The collection time for this survey is from July 1 to July 30, 2023, and 

Chinese consumers with live streaming commerce purchase experience are invited to support 

the survey. By sending survey web pages to respondents. Once respondents receive the online 

questionnaire, the system automatically checks the IP address of each respondent to avoid 

duplication. Two masked questions were devised to identify respondents. If the answer to each 

question is "No", the responses are closed, and the questionnaire is considered invalid. 

In addition, if respondents answer the questionnaire for less than half a minute, their 

questionnaire will be classified as invalid to guarantee that they answered the question 

faithfully and conscientiously. In addition, each respondent who completes the questionnaire 

will receive a reward of 5-10 RMB through the reward rules. To better motivate respondents, 

approximately 20% of respondents were randomly selected and free tickets were offered as 

additional rewards such as free memberships to videos, music, and e-learning sites. As of July 

30, 2023, a total of 493 questionnaires have been returned. Among the 493 questionnaires, 5 

questionnaires were filled in for less than 1 minute and the content was contradictory (the 

respondents did not have live shopping experience). The remaining 488 questionnaires were 

found to be useful for further analysis and hypothesis testing, with a valid response rate of 

97.6%, which is quite reasonable in social science data collection. In addition, relevant scholars 

have also conducted similar research on live streaming commerce, and Chinese respondents 
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showed a very high response rate. According to Sekaran and Bougie (2016), a response rate of 

35% for social science surveys is sufficient. In addition to this, Baruch and Holtom (2008) also 

suggest that a response rate of 35% is acceptable.  

 

4. DATA ANALYSIS AND RESEARCH RESULTS 

Structural equation modeling (SEM) is an appropriate technique for analyzing empirical data 

in confirmatory studies(Ullman & Bentler, 2012). As a second-generation data analysis 

technique (Savalei & Bentler, 2006), this study applied AMOS 24.0 to examine the 

measurement model and the structural model by a two-stage approach of confirmatory factor 

analysis (CFA) (Brown & Moore, 2012). Following this approach, we were able to verify the 

reliability, validity, and consistency of the empirical data of the measurement model and 

estimate the statistical significance and significance level of the path coefficients assumed in 

the structural model. 

4.1 Measurement Properties  

According to Table 4.1, all factor loadings in this study are above 0.7. Researchers also provide 

a rule of thumb for retaining items, and they recommend retaining items above 0.60 (Hair et 

al., 2014). The composite reliability values for the structures range from 0.933 to 0.948, all 

exceeding the threshold of 0.7. Bagozzi and Yi (1988) and Hair et al. (2011) provide a rule of 

thumb for interpreting the combined reliability coefficients that a given structure should have 

a combined reliability coefficient value of 0.7 or above. According to Chin (1998), the extracted 

mean variance should be at least 0.50 or higher to indicate the convergent validity of a particular 

construction. AVE values ranged from 0.539 to 0.625, all exceeding the threshold of 0.5. 

Therefore, the results show satisfactory convergent validity. As a rule of thumb, Fornell and 

Larcker recommend using an AVE of 0.5 or higher. In the study, For the analysis of discriminant 

validity, for Streamer attractiveness, its AVE square root value is 0.740, which is greater than 

the maximum value of the absolute value of the correlation coefficient between factors 0.688, 

which means that it has good discriminant validity. For Information quality, its AVE square 

root value is 0.747, which is greater than the maximum value of the absolute value of the 

correlation coefficient between factors 0.655, which means it has good discriminant validity.  

According to the test results of model fitness, it can be seen that the value of χ2/DF(chi-square 

degree of freedom) is 1.151, within the range of 1-3, the RMSEA value is 0.017, and within 

the range of less than 0.05, the GFI 0.856 and greater than 0.8, CFI 0.982 and greater than 0.9, 

NFI 0.876 and greater than 0.8, TLI 0.981 and greater than 0.9, The value of IFI is 0.982 and 

is in the range greater than 0.9. According to the evaluation criteria of the model fitting index, 

in the confirmatory factor analysis model of this study, the fit indexes of CMIN/DF, NFI, IFI, 

TLI, CFI, GFI, RMSEA and other sub-models all meet the standard, so the CFA of this study 

The model has a good fit (Thompson, 2004).  
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Table 4.1: Descriptive Statistics for Constructs 

Construct Item Factor loading Composite reliability Mean AVE 

Streamer attractiveness 

SA1 0.862 

 

 

 

0.935 

 

 

 

 

3.1896 

 

 

 

 

0.547 

 

SA2 0.718 

SA3 0.744 

SA4 0.752 

SA5 0.749 

SA6 0.705 

SA7 0.706 

SA8 0.732 

SA9 0.719 

SA10 0.733 

SA11 0.720 

SA12 0.745 

 

 

 

 

 

Information quality 

IQ1 0.873 

0.933 

 

3.1612 

 

0.558 

 

IQ2 0.723 

IQ3 0.726 

IQ4 0.742 

IQ5 0.709 

IQ6 0.768 

IQ7 0.724 

IQ8 0.720 

IQ9 0.737 

IQ10 0.744 

IQ11 0.734 

4.2 Common method bias 

Common method bias mentions that the variance is due to the method of measurement rather 

than the structure represented by the measurement. By using the Harman single-factor test for 

the common method bias test, check the total variance, and read the percentage of variance 

explained by the first common factor. If the percentage of variance explained by the first 

common factor is less than 40%, it can be considered that there is no serious common method 

bias. The study used Harman single factor test for common method bias test. According to the 

variance explanation rate table in exploratory factor analysis, the variance explanation rate of 

the first common factor in this study is 35.202%, which is lower than 40%, and the Harman 

single factor test believes that if the variance explanation rate of the first common factor is less 

than 40%, it is considered that there is no serious common method bias, so it can be considered 

that there is no serious common method bias in this paper. 

4.3 Structural Model  

Hypothesis testing was performed using AMOS 24 to generate coefficients, statistical 

significance of relationships, and model fit index values for the study model. As shown in 

Figure 4.1, the hypothesis testing process yielded path coefficients, t-values, and explained 

endogenous variable variance (R2) for each relationship proposed in the structural model. 

Figure 4.1 depicts 77.8% of the explained variance in purchase decisions. These values indicate 
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that all factors in the study model explain well the formation of the dependent variable. The 

saliency and path coefficients further demonstrate the jurisprudential validity of the constructs 

in the conceptual model.  

Wen Zhonglin's Hierarchical Regression - Product Coefficient Method is a statistical analysis 

method for exploring interaction effects. It examines the degree of influence of the interaction 

between independent variables on the dependent variable by introducing interaction terms. The 

following section introduces the moderating effect of gender on the independent variable and 

dependent variable in this study, respectively, the moderating effect of gender on streamer 

attractiveness, information quality, and purchase decision, for verification assumptions to 

provide more details of these relationships. The interaction term between Streamer 

attractiveness and Gender was significant (t=2.183, β=0.061, p=0.030<0.05). The interaction 

term between Information quality and Gender was significant (t=3.926, β=0.114, 

p=0.000<0.05). It means that when the Streamer attractiveness and information quality affects 

the Purchase decision. 

In addition, as shown in Table 4.2, that most of the model fitting indicators meet the 

requirements. Therefore, the comprehensive analysis results of this time can show that the SEM 

model fits well, and the model is reliable. 

 

Figure 4.1: Structural Model 

 

 

 

 

 



  
  
 
 

DOI: 10.5281/zenodo.8288880 

647 | V 1 8 . I 0 8  

Table 4.2: Model Fit Indices for the Structural Model. 

Index Expected value Actual value Fitting results 

Absolute fit index    

CMIN/DF ≤ 3 1.148 Excellent 

RMR ≤0.08 0.053 Good 

GFI ≥0.8 0.856 Good 

AGFI ≥0.8 0.847 Good 

RMSEA ≤0.08 0.017 Excellent 

Comparative fitting indicators    

NFI ≥0.8 0.876 Good 

IFI ≥0.9 0.982 Excellent 

TLI ≥0.9 0.981 Excellent 

CFI ≥0.9 0.982 Excellent 

Parsimonious fitting index    

PNFI ≥0.5 0.848 Excellent 

PCFI ≥0.5 0.951 Excellent 

As expected, all pathways proposed in the study model were supported. In other words, the 

streamer's attractiveness, information quality and purchase decision are positively correlated. 

In other words, H1(β = 0.288, p < 0.001), H2 (β = 0. 231, p < 0.001), H3 (t=2.183, β=0.601, 

p=0.030<0.05), and H4 (t=3.926, β=0.114, p=0.000<0.05) are supported by Research result. 

And found that the attractiveness of the streamer is significantly related to the purchase 

decision.  

 

5. DISCUSSION AND CONCLUSION  

Live streaming is an important e-commerce model. To explore the influence mechanism of live 

broadcast consumers' purchasing decisions, this paper studies the influence of streamer 

attractiveness and key factors of information quality on consumers' purchasing decisions in live 

broadcast commerce. In addition, gender was also used as a moderating variable. It provides a 

theoretical framework for studying the relationship between these factors. Four hypotheses 

were proposed based on existing literature research and empirically tested with a revised 

supporting theoretical framework. 

The results of this study are consistent with those of other studies investigating the impact of 

streamer attraction and online purchasing decisions(Guo et al., 2022; Lingfei, 2022). The 

results showed that beauty, professionalism, humor, and passion were all shown to be positively 

correlated with hedonic values, and warmth and professionalism were positively correlated 

with utilitarian values. Xu et al. (2020) By information quality on online consumers' purchasing 

decisions, and the results show that the information quality provided by streamer has a key 

impact on online consumers' purchasing decisions. The results show that information quality 

is an important factor influencing consumers' purchasing decisions. Taking information quality 

as a prerequisite for influencing purchase decisions, the research conclusion shows that 

information quality will greatly affect consumers' purchase decisions (Guangming & Chang, 

2022).  
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According to the results of data empirical analysis, the results of this study are as follows: First, 

the attractiveness of streamers and the variables of information quality all affect purchase 

decisions. And found that the attractiveness of streamers has a significant impact on online 

consumers' purchase decisions, indicating that the social interaction between consumers and 

streamers is a key atmosphere that can strongly affect the purchase status of viewers. Secondly, 

the results of the study found that the impact of streamer attractiveness and information quality 

on purchase decisions will be positively regulated by gender. This suggests that gender plays a 

crucial role in moderating the relationship between these factors and purchasing decisions. 

Female shoppers are more likely to be influenced by the streamer's attractiveness and message 

quality when making purchase decisions. Finally, a new live broadcast business purchase 

decision model is proposed through the research. Overall, the findings support our proposed 

research model and generate relevant empirical observations. 

The research conclusions provide important practical significance and guiding suggestions for 

the live e-commerce platform. The platform can strengthen the streamer's personal image, 

increase its attractiveness and awareness, thereby attracting more potential buyers and 

improving the conversion rate of purchase decisions. In addition, the platform can also improve 

the ability to interact with the audience and improve the user experience through support and 

training for the streamer, thereby increasing the enthusiasm of the shopping experience. 

5.1 Theoretical Implications  

The study has two key theoretical contributions. Our first contribution to the theoretical 

implications relates to our empirical results. Use and gratification theory posits that consumers 

seek to satisfy individual needs when using a particular medium or platform(Katz et al., 1973). 

In this study, social interaction is used as an independent variable, which represents the degree 

of social participation of consumers on the live commerce platform. According to the use and 

gratification theory, when consumers feel satisfied and enjoyable social experience, they are 

more likely to make purchasing decisions to satisfy social needs(Gao et al., 2023). Uses and 

gratification theory emphasizes the influence of social interaction on purchasing decisions(Lifu 

et al., 2023). In live commerce, consumers will gain satisfaction and pleasure when 

participating in social interaction experiences, which will affect their purchasing 

decisions(Ping et al., 2022a).. This theory provides an important reference for the design of the 

live streaming commerce platform, encouraging the platform to provide a socialized shopping 

experience and enhancing the sense of participation of consumers. 

The information adoption model assumes that consumers make choices based on the quality 

and credibility of information when making decisions(Sussman & Siegal, 2003). In this study, 

information quality, as an independent variable, represents the quality of product information 

provided by the live business platform. According to the information adoption model, when 

consumers perceive information to be of high quality, they are more likely to be inclined to 

make positive purchasing decisions(Erkan & Evans, 2018). This shows that information quality 

is an important factor affecting purchase decisions in live streaming commerce. Information 

adoption models emphasize the impact of information quality on purchasing decisions(Halim 

et al., 2020). In live commerce, consumers' perception and acceptance of product information 
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directly affects whether they make purchase decisions. This theory reveals the importance of 

information quality in live streaming commerce, and provides a basis for the platform to 

provide high-quality product information and services. 

5.2 Practical Implications 

The findings of this study have several practical implications for live commerce. Streamer 

attractiveness has a significant impact on purchasing decisions. Therefore, the live streaming 

commerce platform can recruit and train attractive streamers in a targeted manner based on the 

research results to attract more consumers to participate in purchasing activities. An excellent 

streamer can not only increase the exposure of products, but also establish an emotional 

connection between consumers and brands and promote the formation of purchasing decisions. 

The design of live e-commerce platforms should focus more on creating attractive content and 

enhancing social functions that meet audience needs (Sheblom et al. 2017). 

Platform managers should identify, recruit and promote streamers who are attractive to viewers 

(Chen and Lin, 20180). Platform managers should make more use of the most popular 

streamers (such as KOLs, celebrities, and Internet celebrities) to enhance their role in attracting 

audiences, persuade potential consumers to digest product information, and stimulate 

consumers' excitement in purchasing. At the same time, the live streaming manager can even 

train the streamer according to the audience's preferences for popular live streaming styles, 

streamer personality, appearance, and expertise(Chen and Lin 2018). In addition, platform 

managers should develop useful features to help streamers show their attractiveness to viewers, 

such as cute emoji, music, image tools (Hu et al. 2017; Sjöblom et al. 2017). 

The research results also show that since the information quality has a significant impact on 

purchase decisions, live commerce platforms need to ensure that the product information 

provided is accurate, authentic and credible. Merchants should strictly screen and review 

product information to ensure that information such as product descriptions and parameters are 

consistent with the actual situation, which will help consumers make purchase decisions and 

avoid dissatisfaction and negative reviews caused by misleading information (Xu et al., 2020). 

Therefore, platform managers need to develop key live streaming mechanisms and advanced 

functions to improve the perceived product information quality, especially to improve the 

perceived completeness, accuracy, circulation and information reliability. Product features, 

material, size, origin and other detailed information help consumers fully understand the 

product and meet their information needs. 

Gender has a significant effect in moderating the relationship between the independent variable 

and purchase decision. This provides important clues for the live streaming commerce platform 

when customizing marketing strategies. Merchants can tailor targeted marketing activities 

based on the characteristics of consumers of different genders to increase purchase intentions 

and user loyalty. By understanding the moderating role of gender in purchasing decisions, live 

commerce platforms can target ads and promotions in a targeted manner. For example, for the 

female group whose attractiveness of streamers has a greater influence on purchasing decisions, 

you can choose to cooperate with attractive female streamers, or emphasize the attractive 
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characteristics of streamers in advertisements, so as to attract more female consumers. By in-

depth understanding of the moderating role of gender in purchasing decisions, the live 

streaming commerce platform can better meet the needs of consumers of different genders, 

provide more personalized products and services, and thus improve user satisfaction and 

purchase intention. 

5.3. Limitations and Future Research 

Like previous studies, our study is not without limitations. Of course, these limitations also 

open up possibilities for future research. According to Dolen and Lemmink (2004), the 

researcher's ability to be aware of the limitations of the study is also one of the strengths of any 

research project. The first limitation is the data collection process. Empirical data is primarily 

collected from a popular Internet survey site. All respondents were from China. This data 

sample may limit the generalizability of the results. Therefore, any researcher should be 

cautious when applying these results to other cultural and economic contexts. Future research 

should be devoted to exploring the business of live streaming commerceing in different 

countries and regions. Furthermore, cross-country comparisons are likely to yield a more 

comprehensive understanding and results that are more broadly applicable. 

Second, the study adopted a cross-sectional design, that is, the samples were investigated at the 

same time point. However, this design cannot determine causality, only reveals associations 

between variables. The data collected in the study mainly relied on self-reporting by 

consumers, which could lead to self-reported data bias. Consumers may have recall bias or 

subjective tendencies, which affect their feedback on purchase decisions and live streaming 

commerce experiences. In addition, gender is used as a moderating variable in the study, 

assuming its effect between independent and dependent variables is positive. However, gender 

may be only one of the influencing factors, and there are other potential moderator variables 

that may have an impact on the findings. 

Researchers should try to increase the number of respondents, including some foreigners who 

are familiar with China's live streaming e-commerce model, to explore how cultural differences 

affect audiences' perceptions and usage of live streaming e-commerce. In this case, more 

discoveries about the future of livestreaming e-commerce in the western world will be easier 

to explore. Secondly, researchers should also read and think more about the literature on TV 

shopping, find some common points for discussion, and find out whether live streaming 

commerce e-commerce can produce the same or similar changes in mass consumption in 

different countries or social environments. Finally, research methods should be combined to 

ensure the accuracy of the collected data. 

The data collected in this study are cross-sectional. This paper examines the influence and path 

relationships on purchase decisions. In future research, longitudinal studies can examine the 

impact on purchasing decisions. Alternatively, data can be collected multiple times. to 

understand the impact of variables on purchasing decisions. Because longitudinal studies can 

assess causality. This is not possible with cross-sectional data. Future research may investigate 

factors that can reveal the uniqueness of live commerce, or apply different theoretical 
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perspectives and explore other determinants, moderators, and control variables to provide a 

more comprehensive understanding of live commerce. To sum up, future research can be 

expanded and deepened in terms of sample coverage, research design, factor considerations, 

and moderating variables, in order to fully understand the influencing factors and mechanisms 

of live commercial shopping behavior. These research results will provide more accurate 

guidance and optimization strategies for merchants and platforms in the live streaming industry, 

while providing consumers with better shopping experience and services. 
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